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Digital	
  Buzz	
  

•  Electronic	
  or	
  digital	
  buzz	
  is	
  leJ	
  when:	
  
– Using	
  a	
  phone	
  
•  LocaEon	
  informaEon	
  about	
  physical	
  locaEon	
  and	
  
proximiEes	
  (GPS,	
  Bluetooth,	
  accelerometer)	
  

– Comment	
  on	
  an	
  experience	
  (Twi0er,	
  Facebook,	
  
etc)	
  
•  Comments	
  contain	
  opinions	
  and	
  senEments	
  of	
  the	
  user	
  
experience	
  	
  

– Uploading	
  a	
  photo	
  (Facebook,	
  Flicker,	
  Instagram)	
  
•  User	
  generated	
  tags	
  associated	
  with	
  a	
  photo	
  



Digiprints	
  
•  Digiprints	
  or	
  digital	
  trails	
  can	
  be	
  created	
  from	
  this	
  
informaEon	
  that	
  reveal	
  spaEotemporal	
  
characterisEcs:	
  
–  Individual	
  and	
  group	
  acEvity	
  lines.	
  	
  
– DetecEon	
  of	
  hotspots	
  (crowd	
  density,	
  senEment,	
  
movement,	
  etc)	
  .	
  

•  Digiprints	
  can:	
  
–  	
  aid	
  planners	
  in	
  distribuEng	
  fooTall	
  to	
  less	
  explored	
  
areas	
  and	
  under-­‐uElised	
  services.	
  

–  Can	
  aid	
  the	
  fesEval	
  experience	
  (navigaEon).	
  	
  



Data	
  CollecEon	
  
•  Unreliability	
  of	
  data	
  streams	
  
•  Processing	
  of	
  social	
  media	
  streams	
  
involves	
  NLP.	
  

•  Credibility?	
  Hidden	
  biases?	
  

•  Device	
  specific.	
  
•  Limited	
  in	
  Eme	
  and	
  parEcipants.	
  
•  Scalability?	
  	
  	
  

•  Data	
  Alignment.	
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Language	
  Processing	
  

l  Problem	
  1:	
  conversaEonal	
  context	
  
@user1:	
  Bu0erfly	
  Effect	
  on	
  film4	
  in	
  bed!	
  Night	
  world!x	
  
@user2:	
  I	
  am	
  watching	
  that!!	
  Immense	
  film.	
  
@user3:	
  thx	
  let's	
  see	
  if	
  I	
  can	
  make	
  sense	
  of	
  it	
  this	
  Eme	
  …	
  

l  Subsequent	
  messages	
  important:	
  
l  SenEment,	
  opinions,	
  emoEons	
  etc	
  
l  Can	
  only	
  understand	
  them	
  in	
  context	
  
l  Dialogue	
  structure	
  models?	
  



Language	
  Processing	
  

l  Problem	
  2:	
  social	
  media	
  language	
  
Nyt	
  alexx	
  tweetdreamsh	
  RT	
  @JDBAustralia:	
  Goodnight	
  
everyone,	
  i	
  will	
  tweet	
  you	
  all	
  tomorrow	
  <3	
  
#loveislouder	
  

l  Non-­‐standard	
  lexicon,	
  spelling	
  
l  Specific	
  convenEons	
  (<3,	
  hashtags,	
  menEons	
  etc)	
  

l  Data-­‐driven	
  approach	
  important:	
  
l  Robust	
  machine	
  learning	
  (distant	
  supervision)	
  
l  Learn	
  from	
  observaEon	
  (no	
  assumpEon	
  about	
  lexicon	
  
for	
  senEment,	
  emoEons	
  etc)	
  

l  Adapt	
  quickly	
  to	
  new	
  domains,	
  networks,	
  languages	
  



Crowd	
  Vibe	
  Sensor	
  

•  An	
  interacEve	
  feedback	
  loop	
  informing	
  
performers,	
  local	
  and	
  remote	
  audience	
  
members	
  of	
  what	
  is	
  engaging	
  and	
  exciEng	
  
people.	
  	
  
–  InteracEve	
  installaEons	
  –	
  wheel	
  of	
  emoEon/word	
  
cloud	
  

– Phone	
  info-­‐graphics	
  and	
  NavigaEonal	
  aids	
  
– Event	
  auto-­‐documentary	
  tool	
  



InteracEve	
  InstallaEon 	
  	
  

•  Photos	
  and	
  social	
  media	
  classificaEon	
  of	
  the	
  
fesEval	
  experience	
  streamed	
  live.	
  



ELE613 Final Project                                                                    Jinfu ZHANG 

33 

 

 

Figure 18: Audiences’ reactions to each song 

 
Results discussion: 

The average satisfied degree is 10.33. The much lower values appear in posterior period 

of the concert. Songs most satisfied by audiences were sung in the middle. Another 

characteristic is that new songs or songs published in more recent albums get high 

satisfied degree. One reason of this phenomenon is likely that new songs are more 

suitable to audiences’ current tastes and current musical styles. This conclusion proves 

the hypothesis before. This analysis method indeed can infer useful conclusions in terms 

of audiences’ opinions to performances song by song. The method in this section aims 

to detect audien
ces’ attitudes to each song in the concert. Because the project does not 

have the exact recording of the concert, so the timetable predicted according to songs 

may have deviations to the real process of the concert and the project is not able to 

authenticate whether the predicted timetable of songs is enough reliable. Therefore, the 

project can record a concert in future and implement the method before to this concert 

for the sake of testing how the accurate of the predicted method is. If the method of 

prediction is accurate enough, it is available to use this method to detect audiences’ 

attitudes to each song in the concert without the real recording of the concert. It is 

convenient and possible to grasp audiences’ opinions to each song only based on the 

tweets posted during the concert live.  

 

4.4  Comparisons amongst performers 

Hypothesis: 

The project analyzes one band’s and two singer’s concerts tweets data. This section 

compares audiences’ reactions and characteristics amongst Ed Sheeran, Rihanna and 

Kasabian. The project assumes that average sentiment percentages reflect audiences’ 

Saturday Walking Path

Sunday Walking Path

Sentiment Analysis of Eat Your Own Ears’ Twitter data

The AnalysisChatterbox Analytics collected a sample of tweets which mention one of three festivals: Field 

Day Festival (506 tweets), Underage Festival (128 tweets) & The Apple Cart (238 tweets).  As 

a proof-of-concept the sentiment, whether a tweet contains positive or negative emotion, 

was analysed using the Chatterbox sentiment analysis engine.

The first analysis compares the sentiment breakdown of each of the three festivals whilst the 

second extracts tweets which mention particular band names from the Field Day festival line 

up.  If the sentiment of a tweet is near to zero, i.e. it is most likely to be neither positive nor 

negative, it is excluded.When comparing sentiment of tweets which mention the names of the three festivals, there is 

a general trend for positivity.  In particular, the Underage festival elicited the highest ratio of 

positive to negative tweets:

Phone	
  Infographics/NavigaEon	
  



Auto	
  Documentary	
  tool	
  
a	
  work	
  in	
  progress	
  

•  Photo	
  Story	
  Board	
  	
  
– Users	
  are	
  automaEcally	
  tagged	
  in	
  photos/videos	
  
they	
  are	
  in.	
  

– Story	
  boards	
  can	
  be	
  automaEcally	
  generated	
  for	
  
all	
  



Photo	
  PosiEoning	
  Experiment	
  
•  A	
  More	
  Elaborate	
  Example:	
  Moving	
  Camera	
  
– Moving	
  mobile	
  photographer	
  

•  Record	
  his/her	
  GPS	
  informaEon	
  and	
  a	
  taken	
  photo	
  within	
  every	
  T	
  period	
  

–  Unknown	
  Person	
  with	
  Phone	
  
•  Record	
  GPS	
  locaEon	
  within	
  every	
  T	
  period	
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E.g. You are in this picture!!! p11



Summary	
  

•  What	
  we	
  can	
  do:	
  
– Does	
  user	
  X	
  like	
  Z?	
  
– What	
  is	
  the	
  buzz	
  in	
  area	
  

•  QuesEons:	
  
– How	
  does	
  technology	
  enhance	
  the	
  audience	
  
experience?	
  
•  FacilitaEng	
  collaboraEve	
  experience	
  

– How	
  do	
  we	
  influence	
  audience	
  behaviour?	
  


